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Abstract
One major threat to cities at present is the increasing rainstorm waterlogging hazards due to climate change and 
accelerated urbanization. This paper explores the mechanism of rainstorm waterlogging and enables the fine 
simulation of surface water propagation over complex urban terrain. A novel community-scale waterlogging 
modeling scheme is presented by loosely coupling a one-dimensional sewer model with a two-dimensional 
overland model under an open-source framework. The coupled model was applied to Waigaoqiao Free Trade Zone 
located in Pudong New Area of Shanghai. To quantify the influence of rainfall intensity and drainage conditions on 
the waterlogging, 12 scenarios were constructed by combining four rainfall return periods (3, 5, 10, and 20 a) and 
three startup water depths (1.5, 2.0, and 2.5 m) of pump stations. The multi-scenario simulation results show that 
the waterlogging risk increases from north to south in the study area, and that risk zones with water depth above 
0.3 m are mostly concentrated in the southwest and southeast corners of the site. The longer the rainfall return 
period, the larger the submerged area, and the spatial distribution of surface water accumulation is affected by 
local topography and drainage system. In addition, reducing the startup water depth of pump stations has an 
obvious effect on inhibiting the severity of water accumulation. The results provide insights into overland flow 
across an urban area with densely populated buildings and help to reduce the risk of rainstorm-induced 
waterlogging disasters.
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INTRODUCTION
With global warming and rapid urbanization, many cities in China often experience severe urban 
waterlogging caused by rainstorms, causing casualties and huge economic losses[1-3]. For example, on 
21 July 2012, a powerful rainstorm struck Beijing, exposing the vulnerability of megacities to major 
meteorological hazards. The rainstorm caused serious waterlogging in low-lying urban areas, resulting in 79 
deaths, 1.6 million people affected, and direct economic losses of 11.6 billion yuan. From 18 to 20 July 2021, 
Zhengzhou, a megalopolis in central China, suffered a rare and sustained heavy rainfall, which killed 292 
people, affected about 1.89 million people, collapsed 52,800 houses, and caused direct economic losses of 
53.2 billion yuan. Thus, the series of problems caused by urban rainstorm waterlogging has become a 
research focus and received more and more attention[4-8].

Urban waterlogging refers to continuous or heavy rainfall in a short period that exceeds the urban drainage 
capacity, resulting in surface water accumulation that can not be eliminated in time[9]. Flood dynamics 
across urbanized areas are difficult to understand because of the complex urban infrastructures and 
underlying surface conditions and drainage systems, which play important roles in flood propagation and 
accumulation[10]. Urban waterlogging models, combined with geographic information system (GIS), realize 
numerical simulations of waterlogging areas and depths based on hydrology and hydrodynamic 
mathematical models. A hydrologic model is based on watershed hydrology, taking the city as a small or 
medium scale basin and dividing it into several sub-basins that are catchments[11]. Hydrologic models are 
black box models. Urban waterlogging simulations only contain the input of rainfall and the output of 
results and cannot describe the loss of flow and transport. Hydraulic models have certain physical meaning 
and can depict the flow dynamics in detail, but the solving process is complicated. In hydrodynamic 
simulations, the urbanized area is usually divided into many grids and connected with drainage channels 
such as the drainage network and river channels. GIS can perform catchment division, drainage system 
generalization, and parameter settings of rainstorm waterlogging[12,13].

Modeling urban waterlogging is difficult and challenging, in part due to the complex interaction between 
sewers and the aboveground area[10,14]. Many studies have applied the storm water management model 
(SWMM) to calculate the manhole surcharge and used the water stage-volume curve to determine the 
inundation depth[15-18]. SWMM provides an accurate simulation for urban surface runoff, pollution load, 
network planning of drainage pipes, and effect of low impact development facilities on rainfall quality and 
quantity[19]. However, a one-dimensional (1D) sewer model cannot effectively reflect the overland flow, so 
two-dimensional (2D) models based on shallow water equations or their simplified equations should be 
used to simulate the inundation extent and depth during a rainstorm[20,21]. Traditionally, 2D modeling 
attempts have been limited by the sparsity of topographic data and computer processing power[22]. The 
emergence of new data collection techniques and advances in computing technology have relaxed such 
constraints and made the application of hydraulic models to complex urban terrain where buildings are 
resolved possible.

Some commercial models, such as MIKE Urban[23], SOBEK[24], InfoWorks ICM[25], and PCSWMM[26], have 
realized the mass exchange between drainage systems and overland surface by coupling 1D/2D models[21,27]. 
Nevertheless, the majority of these models require expensive modules that somewhat limit their widespread 
usage. Limited attempts have been made to couple existing open-source 1D/2D hydraulic models to achieve 
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high-resolution urban waterlogging simulation[14,28,29]. In the 1D/2D coupling framework, the open-source 
SWMM, known for being a simple but robust 1D sewer model, is one of the most commonly used rain 
flood models at present. For 2D model selection, raster-based 2D hydrodynamic models are preferable 
because they can be readily integrated with the digital elevation model (DEM), simplifying model setup and 
post-processing[29]. LISFLOOD-FP, a raster-based 2D model with relatively simple formulation, is easy to set 
up and run, computationally efficient, and has been demonstrated to be able to predict flood inundation[30].

Inspired by the above, this paper presents a simple approach for modeling rainstorm waterlogging in urban 
communities through loosely coupling SWMM with LISFLOOD-FP. Taking the Waigaoqiao Free Trade 
Zone (WFTZ) located in Pudong New Area of Shanghai as the study site, a high-resolution community 
waterlogging model is constructed based on the proposed approach. A multi-scenario simulation was 
performed to predict the inundation area and depth under different recurrence periods of rainfall and 
different pumping conditions.

The remainder of this article is organized as follows. The models used and coupling methods are introduced 
in the next section. Then, model setup and applications are presented, followed by the results and a 
discussion. Finally, the conclusions are drawn.

METHODS
The numerical simulation of urban rainstorm waterlogging includes rainfall-runoff simulation, 1D sewer 
network simulation, and 2D overland flow simulation. The results from the hydrological rainfall-runoff 
simulation are used as inputs to the 1D model at specified manholes (junction nodes) of the sewer network. 
When the capacity of the pipe network is exceeded, excess flow spills from the manholes into the domain of 
the 2D model[31].

Design rainfall
In the waterlogging model, rainfall should be input by the actual rainfall, but it can also assume certain 
scenarios based on flood control standards when there are no measured data. According to the code for 
design of outdoor wastewater engineering, the formula of rainstorm intensity is defined as follows:

where q is the design storm intensity, L/s·ha; A is rainfall, mm; C is the variation parameter of rainfall, 
which is one of the parameters reflecting the variation degree of rainfall intensity in different recurrence 
periods; t is rainfall duration, min; P is the design rainfall recurrence periods, a; and b and n are constants, 
which reflect the change of rainfall intensity over time.

According to rainstorm intensity formula and design rainstorm profile of Shanghai, the intensity of a short-
duration rainstorm is calculated by the following formula:

The short-duration rainstorm is expressed by the rainstorm intensity formula and the rain peak coefficient. 
When the rainstorm recurrence period is 2-100 a, the rain peak coefficient is 0.405.
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Sewer network simulation
SWMM was developed by the United States Environmental Protection Agency as the first comprehensive 
urban runoff analysis model. It is suitable for the construction of pipeline hydraulic models and is 
characterized by a more selective runoff generation and concentration model and a more intuitive display of 
dynamic results. In SWMM, the urban drainage network system is generalized into three types: pipeline, 
node, and sub-catchment area. In the calculation, the Horton model, Green-Ampt model, and SCS curve 
number infiltration method are used to calculate the surface runoff. The nonlinear reservoir principle is 
used to simulate the surface confluence, while the Saint-Venant equations are used to solve the pipe flow 
dynamics.

The 1D pipe flow routing in SWMM is calculated by the conservation of mass and conservation of energy 
formulas.

where Q is the discharge of the pipe, m3/s; A is the wet cross-sectional area of the pipe, m2; t is time, s; x is 
the length along the water direction, m; H is the hydraulic head of water in the conduit, m; g is the 
acceleration of gravity, m/s2; and Sf is the friction slope (head loss per unit length).

The friction slope Sf can be expressed in terms of the Manning equation:

where n is the Manning roughness coefficient, s/m1/3; R is the hydraulic radius of the flow cross-section, m; 
and U is the velocity, equal to Q/A, m/s. The use of the absolute value sign on the velocity term makes Sf a 
directional quantity (since Q can be either positive or negative) and ensures that the frictional force always 
opposes the flow.

Overland flow simulation
The 2D hydrodynamic simulation of the surface inundation is usually implemented by solving shallow 
water equations, which are based on the depth-averaged Navier-Stokes equations. These equations assume 
that the flow is mainly in the horizontal direction, while the flow rate changes in the vertical direction are 
negligible.

LISFLOOD-FP is a raster-based inundation model specifically developed to take advantage of high-
resolution topographic datasets[32]. It is capable of realizing simulation of 1D channel flow and 2D floodplain 
flow and has been widely used to create reach- and regional scale-flood inundation extents[33-35]. Some 
studies[36-38] have shown that the LISFLOOD-FP model can also be used to simulate the rain flood dynamics 
across urbanized areas after improvement, and it has higher computational efficiency. The mathematical 
expressions of 2D floodplain flows are similarly described in terms of continuity and momentum equations, 
discretized over a grid of square cells, which allows the model to present 2D dynamic flow fields on the 
floodplain. Treating each cell as a storage volume, the change in cell volume over time is equal to the fluxes 
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into and out of it during the time step[32]:

where V is the cell volume, m3; t is the time, s; and Qleft, Qright, Qup and Qdown are the flowrates (either positive 
or negative) from the left, right, upstream, and downstream adjacent cells, respectively, m3/s.

The flowrates between two adjacent cells i and j can be calculated using the Manning equation:

where Qij is the flux between cells i and j, m3/s; Aij is the cross sectional area at the interface of the two cells, 
m2; Rij is the hydraulic radius at the interface of the two cells, m; Sij is the water surface slope between the 
two adjacent cells; and n is the Manning friction coefficient, s/m1/3.

To ensure model stability, we use an adaptive time step based on the Courant-Friedrichs-Lewy (CFL) 
condition, which is estimated as[30]

where α is a coefficient rating from 0.3 to 0.7 that ensures numerical stability.

Model coupling
In the community waterlogging model, the hydrological rainfall-runoff process and flow routing in 
pipelines are performed through the SWMM model, while the 2D overland flow simulation is carried out 
with the LISFLOOD-FP model. Considering the computational inefficiency of the bidirectional coupling 
scheme, a one-way loose coupling scheme is adopted in this article. That is, when the rainfall intensity 
exceeds the drainage capacity of the sewer network, the surcharged flows spill onto the ground surface from 
manholes. The 1D and 2D hydrodynamic models are linked at the manholes where the overflow occurred. 
Considering the lack of data acquisition and interaction capabilities during EPA SWMM simulation, a 
third-party open-source library, PySWMM[39], is used to obtain the discharges from manholes at each time 
step. Then, the discharges are fed as the point source boundary conditions to drive the floodplain 
simulation with LISFLOOD-FP. Both SWMM and LISFLOOD-FP are executed in stand-alone mode. The 
time step of SWMM is fixed, while that of LISFLOOD-FP is variable and adaptive. To ensure the two 
models exchange information properly, for each execution, the simulation time of LISFLOOD-FP is 
adjusted and equivalent to the time step of SWMM. This method can make full use of the advantages of 
both models to quickly calculate the overflow of the drainage network and simulate the inundation range 
and depth on the surface.

MODEL SETUP AND APPLICATION
Case study
Site description
Shanghai is one of the largest seaports in the world and a major industrial and commercial center of China. 
It is located in the estuary of the Yangtze River and is adjacent to the East China Sea. Influenced by the 
humid subtropical monsoon climate, Shanghai is rich in rainfall, with an average annual rainfall of 
1122.6 mm[40]. During the 10 years from 2007 to 2016, there were 172 days of torrential rain, including 143 
days during the flood season (from June to September), accounting for 83% of the total torrential rain days. 
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Most of Shanghai is topographically flat, which makes smooth drainage difficult during heavy rains. The 
surface stormwater in the downtown areas is mainly pumped by pump stations and discharged through 
river channels. Waterlogging hazards occur nearly every year in Shanghai, leading to major property losses 
and seriously affecting the sustainable development of the economy and society. The situation has also been 
exacerbated by land subsidence and sea level rising.

We choose the core block of WFTZ for the case study. WFTZ was approved by The State Council of China 
in June 1990 with a planned area of 10 km2. It is the first trade zone with the largest economic volume in 
China. It is located in the north of Pudong New Area, near the mouth of the Yangtze River. The study site 
covers an area of 8.33 km2 in a triangular shape, as shown in Figure 1. The study site is low-lying and has 
clear and accessible boundary conditions. The west is bounded by Yanggao North Road, the south by 
Wuzhou Avenue, and the east side by the Outer Ring Canal, which is connected to the Yangtze River and 
influenced by the tides of the estuary.

Datasets
Basic data in the study site mainly include the topographic map, satellite image, elevation control points, 
roads, green lands, buildings, water systems, inspection wells, drainage pipe network, and pump stations of 
WFTZ. The DEM data of the study area were obtained from the BIGEMAP map downloader[41] with a 
resolution of 1 m. The data on the drainage network in 2017 and land cover in 2020 were obtained from the 
municipal urban construction management department. According to the survey, the pipelines in the study 
area were mostly laid before 2000, and the drainage network has not been systematically renovated and 
maintained since 2010. Considering the influence of buildings on the distribution of waterlogging, the 
ground elevation of the study area was modified by overlapping buildings and DEM in ArcGIS. 
Precipitation data were sourced from the 1 min precipitation process data at the Waigaoqiao Rainfall 
Monitoring Station on 8 July 2021.

Model setup
According to the basic data in WFTZ, such as topographic map, drainage network diagram, and land use 
types, through the sub-catchment division of the study area, drainage network system generalization, and 
parameter determination, we built a waterlogging model on the basis of SWMM.

Model generalization
Firstly, according to the road boundaries and drainage network topology, the study area was coarsely 
divided into three catchment areas (A-C) from north to south, with corresponding areas of 22.5, 226.7, and 
583.3 ha, respectively. Then, the three catchments were further divided into the smaller sub-catchments 
using Voronoi tessellation, ensuring that each sub-catchment area corresponds to an inspection well 
(manhole) as the interaction point between the surface catchment and pipe network. There are four pump 
stations along the east boundary of the study area. The stormwater in the study area is mainly pumped by 
these four pump stations and discharged through the Outer Ring Canal. Figure 2 shows the generalization 
of the drainage network and sub-catchments. Due to the complexity of underground pipe network, we 
neglected some of the pipes, which are branch pipes with a shorter length or located at the start of the 
pipeline. The pipe network is mainly distributed along the main roads, and the drainage network was 
ultimately generalized as follows: 4 outlets, 1649 nodes, and 1704 conduits. The largest sub-catchment area 
is 4.0 ha, the smallest is 0.02 ha, and the average area is about 0.5 ha.

Parameter determination
Model parameters can be divided into two categories: measured parameters and empirical parameters. The 
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Figure 1. Location of study site.

measured parameters include sub-catchment area, average slope, impervious rate, the bottom elevation and 
depth of the node, the length and slope of the pipeline, etc., which can be obtained through basic data 
processing and calculation with ArcGIS. The empirical parameters that cannot be obtained directly include 
the characteristic width of sub-catchment area, Manning coefficient of pervious and impervious area, 
depression storage quantity of pervious and impervious area, and the maximum and minimum infiltration 
rate of the Horton model. Among them, the characteristic width of sub-catchment is defined as the ratio of 
the area of sub-catchment to the length of the longest path of surface diffuse flow. To improve the 
calculation feasibility, the empirical formula is generally used to calculate them, and the square root of the 
sub-catchment area is taken as the characteristic width in this paper. The rest of the empirical parameters 
refer to the user manual of SWMM model[42].

Due to the lack of measured data for validation, the runoff coefficient method[43] is used to preliminarily 
calibrate the model parameters in this paper. The model calibration idea of the runoff coefficient method is 
to use the runoff coefficient as the objective function for model parameter calibration, especially to compare 
the a priori comprehensive runoff coefficient used for sewer network design with the comprehensive runoff 
coefficient simulated by the computer model for model parameter calibration. The measured “2021.7.8” 
rainfall process is input for parameter calibration. After adjusting the parameters, the comprehensive runoff 
coefficient of this regional rainfall event is 0.55, basically consistent with the empirical value in the drainage 
design specification. The final calibration results are shown in Table 1.

Figure 3 shows the precipitation histogram of the “2021.7.8” rainfall process and the flow curves of the 
outlets in the study area. Corresponding to the smallest catchment Area A, the flow rate of Outlet 1 is 
obviously smaller than that of the three other outlets. However, it can be found that the flow process of the 
four outlets has similar characteristics, and that peak flow occurred about 15 min after the precipitation 
peak, which is consistent with the general law of urban rainfall flooding. This indicates that the simulation 
results are basically reliable.
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Table 1. Parameters of the model

Parameter name Parameter description Value

N-Imperv Manning factor of impervious area 0.012

N-Perv Manning factor of pervious area 0.24

D-Imperv Depression storage of impervious area 1.904 mm

D-Perv Depression storage of pervious area 3.81 mm

MaxRate Maximum infiltration rate 76.2 mm/h

MinRate Minimum infiltration rate 2.54 mm/h

Decay Attenuation coefficient 6

Figure 2. Drainage network generalization and catchment division.

Scenario design
We simulated and analyzed the effects of precipitation intensity and pumping conditions on urban 
waterlogging during short-duration rainstorms. Combining different precipitation return periods (P = 3, 5, 
10, 20 a) and pump station startup water depths (H = 1.5, 2.0, 2.5 m), 12 simulation scenarios were 
constructed.
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Figure 3. Comparison diagram of outlet discharge and precipitation in the study area.

Based on the rainstorm intensity formula in Shanghai, the rainfall in the return periods of 3, 5, 10, and 20 a 
were calculated, and the rainfall duration is 120 min. Figure 4 shows the rainfall intensity for different 
return periods, and the related rainfall parameters are shown in Table 2.

In addition to rainfall intensity, different drainage conditions were also considered in the scenario design. 
At present, the default startup water depth of 2.5 m is set for the four pump stations of WFTZ. To optimize 
the operational efficiency of the pump stations during the rainstorm, three different water depths, 1.5, 2.0, 
and 2.5 m, were set to simulate and analyze the spatial distribution of waterlogged areas.

RESULTS AND DISCUSSION
Statistics of simulated water depth and submerged area
Based on the above methods, 12 scenarios of rainstorm waterlogging in the study were simulated. Table 3 
presents the statistical results of maximum inundation depth and water accumulation area for 12 scenarios. 
To quantitatively analyze the impact of waterlogging, the affected area was further divided into four grades 
based on water depth: slight (5-15 cm), moderate (15-30 cm), serious (30-50 cm), and severe (> 50 cm). In 
addition, the affected areas corresponding to different grades were also calculated. Waterlogging with a 
depth of less than 5 cm was ignored, as it does not cause significant adverse effects on travel.

Spatial distribution characteristics of waterlogging
Based on the simulated water depth of each grid, the spatial interpolation and visualization tools embedded 
in ArcGIS software were used to render the numerical results, so as to intuitively reveal the spatial 
distribution characteristics of waterlogging.

Figure 5 shows the spatial distribution of simulated water depth at two typical moments of Scenario VII. 
The study area is densely populated with buildings and has a high impermeable rate, which is prone to 
water accumulation due to heavy rain. As shown in Figure 5A, surface water accumulation is mainly 
affected by the elevation and local drainage network. In the middle study area, waterlogging spots with a 
simulated depth of more than 15 cm are mainly distributed along Hanjin Road. It is the inner boundary 
between catchment Areas B and C, where the underground drainage networks are physically separated. 
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Table 2. Maximum rainfall intensity and accumulated rainfall during different return periods

Return period (a) Peak rainfall intensity (mm/min) 2 h rainfall (mm)

3 2.67 48.24

5 3.75 67.95

10 4.25 76.77

20 5.62 101.34

Table 3. Maximum inundation depth and corresponding area in each scenario

Submerged area (ha)
Scenario No. Startup water depth 

H (m)
Return period 
P (a) 5-15 cm 15-30 cm 30-50 cm > 50 cm Total

I 3 172.92 90.21 2.80 0.00 265.93

II 5 205.96 110.39 28.16 0.01 344.52

III 10 210.99 155.95 55.08 0.01 422.03

IV

1.5

20 201.39 205.98 77.88 0.02 485.27

V 3 168.29 119.52 18.53 0.00 306.34

VI 5 187.51 128.62 52.54 0.01 368.68

VII 10 196.88 171.04 76.35 0.02 444.29

VIII

2.0

20 178.50 201.60 115.95 0.62 496.67

IX 3 166.16 130.92 24.41 0.00 321.48

X 5 185.12 134.44 60.06 0.01 379.63

XI 10 186.46 168.22 97.48 0.02 452.18

XII

2.5

20 169.11 205.34 124.75 6.20 505.40

Figure 4. Design rainfall during different return periods.

When experiencing heavy rain with a return period of 20 a, a wide range of water accumulation is easy to 
form in the southern study area, especially in the south of Zhouhai Road. Heavy waterlogging spots with a 
water depth of more than 30 cm are distributed in the low depressions along Yinglun Road, Debao Road, 
and Fasai Road.
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Figure 5. Simulated depth distribution of Scenario VII (P = 10 a, H = 2.0 m): (A) surface water depth distribution at t = 60 min; and 
(B) surface water depth distribution at t = 90 min.

The spatial distribution of surface water accumulation in the study area changes dynamically as the 
torrential rain continues. By comparing Figure 5A and B, it can be seen that, after another half hour of 
heavy rain, in the middle study site, the surface water west of Fute Road gradually expands and spreads to 
the east. This is influenced by the local topography and drainage direction. In addition, the simulated water 
depth is further increasing in the southern study site, especially at both ends of Debao Road and the west 
section of Yinglun Road. It suggests that the designed drainage capacity in this site is insufficient to cope 
with heavy rain with a 10-year return period. In addition, there are only four rainwater pump stations in the 
study area, which are all deployed on the east boundary of the site. The surface flooding in the south of the 
study area, especially in the southwest corner, cannot be drained in time.

Impact of rainfall intensity
To explore the impact of rainfall intensity on urban waterlogging, the simulation results of four scenarios 
(V-VIII) are compared and analyzed in this subsection. Figure 6 presents the simulated inundated area and 
water depth distribution at the peak stage under four precipitation recurrence periods (P = 3, 5, 10, 20 a). 
The startup water depths of pump stations are all set to 2.0 m in these four scenarios.

Figure 6 shows that the spatial distribution of surface water accumulation in the study area is similar under 
the four different rainfall return periods. The catchment area in the northern study site is relatively small, 
and the drainage capacity is obviously stronger than that in the middle and southern parts, and 
waterlogging does not easily occur. Most of the waterlogged areas are less than 30 cm deep. The serious 
areas with water depths above 30 cm are mostly located in the southern study area.
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Figure 6. Comparison of water depth distribution in different rainfall return periods: (A) water depth distribution of Scenario V (P = 3 a, 
H = 2.0 m); (B) water depth distribution of Scenario VI (P = 5 a, H = 2.0 m); (C) water depth distribution of Scenario VII (P = 10 a, 
H = 2.0 m); and (D) water depth distribution of Scenario VIII (P = 20 a, H = 2.0 m).

As illustrated in Figure 6 and Table 3, in case of Scenario V, the area affected by waterlogging in the study 
area is 306.34 ha, within which the serious area is 18.53 ha, accounting for about 6% [Figure 6A]. With the 
increase in rainfall intensity, the total submerged area and the area and proportion of serious zone also 
increase gradually [Figure 6B-D]. When P = 20 a, the three corresponding values increase to 496.67 ha, 
115.95 ha, and 23.35%, respectively.
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In addition, the overflow process of the drainage network during the rainstorm was also investigated. The 
overflow process under different precipitation recurrence periods is depicted in Figure 7 for a representative 
manhole (the control point shown in Figure 2) in the southwest corner of the site. The area of the upper 
sub-catchments of this manhole is about 2.6 ha. The result shows that the nodal overflow pattern is similar 
for different recurrence periods, and that the overflow rate reaches the maximum after the heavy rain lasts 
for about 55 min. Compared with the designed rainfall histogram illustrated in Figure 4, the time of peak 
overflow is slightly lagged behind the time of peak precipitation. The overflow does not decline rapidly after 
the peak. Moreover, the longer the rainfall return period, the more obvious the lag effect of the overflow 
decrease.

Impact of pumping conditions
The stormwater in the study site is mostly pumped by four pump stations deployed along the eastern 
boundary and discharged through the Outer Ring Canal. Therefore, the working conditions of the pump 
stations have a direct impact on flood control and waterlogging removal. At present, the on/off status of the 
four pump stations is controlled dynamically by defining startup and shutoff water depths at the inlet nodes. 
We quantified the influence of startup water depth on waterlogging distribution in the study area through 
scenario-based simulation analysis.

For each scenario, based on the confluence simulation of the drainage network, the pump utilization rate 
was calculated with the pump usage time and flow rate. As shown in Table 4, among the four pumps at the 
site, Pump 3 usually has the highest utilization efficiency in the scenarios, followed by Pump 2. When the 
rainfall return period increases or the startup water depth decreases, the utilization rate of each pump 
station is improved to a certain extent.

Figure 8 shows the simulated water depth distribution of six scenarios. Figure 8A-C shows the spatial 
distribution of simulated water depth with different startup water depths (1.5, 2.0, and 2.5 m) under a five-
year design precipitation. By comparison, it was found that the overall distribution of waterlogging area is 
not greatly affected under the same precipitation recurrence period, but different pump startup water 
depths affect the severity of water accumulation in the site. As illustrated in Figure 8D-F, this phenomenon 
is more obvious under the 20-year design rainfall. When the startup water depth of the pump station 
increases from 1.5 to 2.5 m, the proportion of serious areas in the southern study area increases 
significantly, and the severe zone with a water depth of 0.5-0.75 m appears in the southeast corner of the site 
[Figure 8F].

Assuming that the rainfall return period remains unchanged, it can also be seen from the results in Table 3 
that the submerged area in the study area decreases correspondingly when the startup water depth of the 
pump station is reduced. Especially for the submerged area with a water depth above 30 cm, this measure 
has a significant inhibition effect. For example, for the 10-year return period, when the startup water depth 
H drops from 2.5 to 2.0 m, the total submerged area reduces from 452.18 to 444.29 ha, and the serious area 
reduces from 97.48 to 76.35 ha (1.74% and 21.68%, respectively). When H is reduced from 2.5 to 1.5 m, the 
decline rates of the total submerged area and the serious area are 6.67% and 43.53%, respectively.

Therefore, it is necessary to lower the startup water depth of the pump stations to minimize the risk of 
waterlogging disaster when the site encounters a rainstorm with a ≥ 10-year return period. Given the high 
risk of waterlogging in the southern study area and the lack of waterlogging removal capacity, management 
should consider deploying new pump stations or upgrading the capacity of existing pump stations to 
improve disaster resistance. Most of the drainage pipes in the study area are more than 20 years old. The 
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Table 4. Percentage of water pump utilization under different conditions (%)

Pump utilization rate/%
Scenario No H/m P/a

Pump #1 Pump #2 Pump #3 Pump #4

I 3 85.05 87.96 90.67 84.82

II 5 86.2 88.89 91.3 85.86

III 10 87.15 89.74 91.98 87.07

IV

1.5

20 88.75 90.44 92.53 88.2

V 3 84.5 86.22 89.99 84.62

VI 5 84.73 87.21 90.68 85.67

VII 10 86.64 88.39 91.52 86.84

VIII

2.0

20 87.15 89.33 92.18 87.82

IX 3 82.74 84.52 89.18 84.31

X 5 84.04 85.62 90.08 85.44

XI 10 85.28 86.79 90.91 86.62

XII

2.5

20 86.21 87.63 91.6 87.67

Figure 7. Simulated overflow from a typical node under different return periods.

design and layout of the pipe network can be further optimized, especially through the integration and 
optimization of the pipe networks in the lower half of the area, to improve the joint operation efficiency of 
Pumps 3 and 4. If necessary, an additional pumping station could be added in the lower right corner of the 
study site, near Debao Road/Fute East Road, to enhance the drainage capacity.

CONCLUSION
The demand for refined numerical simulations of urban waterlogging is stronger than ever before due to 
rapid urbanization and climate change that have already led to increased waterlogging risk across the world. 
In this context, scenario-based simulation analysis of urban rainstorm waterlogging has important 
theoretical and practical significance for waterlogging disaster warning and response and drainage facilities 
planning and maintenance. This paper presents a loosely coupled hydrodynamics approach for predicting 
rainstorm-induced waterlogging in urban communities. In the coupled model framework, the calculation of 
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Figure 8. Comparison of water depth distribution with different pump startup water depths: (A) water depth distribution of Scenario II 
(P = 5 a, H = 1.5 m); (B) water depth distribution of Scenario VI (P = 5 a, H = 2.0 m); (C) water depth distribution of Scenario X (P = 5 a, 
H = 2.5 m); (D) water depth distribution of Scenario IV (P = 20 a, H = 1.5 m); (E) water depth distribution of Scenario VIII (P = 20 a, H = 
2.0 m); and (F) water depth distribution of Scenario XII (P = 20 a, H = 2.5 m).

runoff generation and confluence, as well as 1D drainage network simulation, is implemented based on 
SWMM, while LISFLOOD-FP deals with 2D flow routing across an urbanized area. The interaction 
between a 1D sewer network and a 2D urban surface is made by mass transfer at the connecting nodes.

According to the characteristics of storm waterlogging in Shanghai, taking WFTZ as the study area, a 
community-scale waterlogging model is constructed based on the proposed approach. To quantify the 
impact of rainfall intensity and pumping condition on waterlogging, 12 scenarios were constructed by 
combining four rainfall return periods (3, 5, 10, and 20 a) and three pump startup water depths (1.5, 2.0, and 
2.5 m). Then, a multi-scenario simulation was carried out to predict the spatial distribution of surface water 
accumulation, and the affected areas were classified according to the ponding depth.
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The simulation results of the 12 scenarios show that the waterlogging risk increases from north to south in 
the study area. The risk zones with water depth above 0.3 cm are mainly located in the southeast and 
southwest corners of the study area. This is basically consistent with the survey results of waterlogging spots. 
As the rainfall return period increases, so does the surface submerged area and water depth. In addition, 
stormwater in the study area is mainly pumped and discharged by pump stations. When the return period 
of rainfall remains unchanged, lowering the startup water depth of the pump station has an inhibitory effect 
on the distribution of risk zones. At present, the startup water depths of four pumps in the study site are all 
set to 2.5 m. It is appropriate to lower the startup water depths to 1.5 m when facing a rainstorm with 10 a 
or longer recurrence period. In view of the higher risk of waterlogging in the southern study area and the 
insufficient waterlogging removal capacity of existing drainage facilities, planning and deployment of new 
pump stations should also be considered.

It is worth noting that, due to the lack of suitable observation data, the parameter calibration and 
verification of the coupled model are not sufficient. In addition, the influence of the rising water level of the 
adjacent Outer Ring Canal on drainage is not taken into account in the process of model construction. 
Subsequent studies will further verify and optimize the model, and we plan to combine 3D GIS and urban 
infrastructure data to improve dynamic visualization and comprehensive risk analysis capabilities.
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